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The Variety

Table 1. Description of benchmark maize variety

Melkasa-II
Type Open pollinated
Year of release 2003

Country/region of release
Maturity Group

Maize mega environment

Eastern and Southern Africa
Intermediate maturing (130 days)

Wet lower mid-altitude/dry mid-
altitude/wet and dry lowland
(1000 m — 1700 m)

Source: (Tesfaye et al., 2015)

Predictability of Maize in GHA

13/34

Table 1. Genetic coefficients of the variety calibrated for mega environments

Coefficient Description Melkasa-II
Pl Thermal time from seedling emergence to the 2200
end of the juvenile stage (degree days above the

base temperature of 8°C in the juvenile stage)
P2 Photoperiod sensitivity associated with delayed 0.10
growth under unfavorable long day length
condition (no unit)
Ps Thermal time from silking to physiological 610.0
maturity (degree days above the Dbase
temperature of 8°C in the maturity stage)
G2 Potential maximum number of kemels per plant 920.0
G3 Kernel filling rate under optimum condition 7.1
(mg/d)
PHINT Interval in thermal time between successive leaf 38.90

appearance (degree  days above a base

temperature of 8°C)

Source: (Tesfaye e al., 2015)
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@ Three animal-drawn tillage; a day before sowing at a
depth of 10 cm; 10 and 20 days before sowing at a
depth of 20 cm,

@ A rule-based automatic planting, 70% soil moisture
within 30-cm soil depth, monthly maximum
temperature, 50 °C & minimum temperature, 8 °C
within a 135 days planting window,

e The crop was sown (broadcast) at a population of 5.33
plants/m?,

o Fertilizer application (banded on surface); 50 kg/ha
DAP and 25 Kg/ha UREA.
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o The spatial variation of, the year to year, yield
variability was well reproduced by the simulation,
which indicates a potential for predictability.

@ The maize forecast does well predict the observed
maize simulation. but, the prediction is not precise,
with incorrect model form.
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